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I.  Purposeof Report and Key Findings

One of the most important themes of todawelfare debate is theog of moving
mothers from welfare to work. The Personal Responsibilignd Work Opportunity
Reconciliation Act of 1996 (PRWORA) includes strangentives for statagencieso move
recipienss into the labor force. State and dcal policymakers now epress ginificantinterest
in theissueof job reéention and in designing progams to failitate job reention or ragid
reemployment. Anticipating this need, the Administration for Children and Families (ACF)
of the U.S. Department of Health and Human $eswontracted with Mathematica Policy
Research, Inc. to provide progam operators and polimakers with useful information on
issues related to labor force attachment for welfare recipients. In paticular, ACF had two
broadgoals for this study (1) to provide some benchmarks asting the employnent
patterns of welfare recipients who find jobs and the factors associated with job loss or job
retention; and (2) to she light on thefeasibility of targeting resoures to thosevho ae most
likely to have longperiods of nonemplagent.

This report uses national data toaexine the emplayent exeriences of welfare
recipients who find jobsWe address seven broad questions:

1. What are the characteristics of welfare recipients who find jobs?
2. What types of jobs do welfare recipients find?

3. How do these recipients copare with other sinlar groups of individuals? In
particular, how do theycompare with recipients who do not find jobs as well as with
other low income single mothers who do noteceve wefare?

4. What are the employment patterns of welfare recipients who find jobsMHow long
do welfare recipients who find jobs stagmployed? Why do some lose their jobs?
How quicklydo those who have lost jobs find other jobs?

5. Whatdowelfarerecipients’enmployment and welfare experiences look like over the
long period? Do employnent patterns differ for differentgups of individuals?

6. What wage and earnings growth do welfare recipients experence during the five-
year period following initial employment?

7. What factors are related to sustained prayment?

To improve the efficiencyof resource use, progms midit want to use seleae
characteristics to target servicestoward clients most in needn this study we examine the
feasibility of targeting clients for job réention sevices. In paticular, we give someguidance
ontargetingby identifying characteristicsf individualsat high risk of havingnegtive labor
market outcomes and providesimplerules thd policymakers an useto taget sevices to
these peom.



Our study conplements the gowing researchhat focuses on vanus aspest of the
welfare-to-work transition, as well as on the economic well-beingelfarerecipients after
having left welfare (Pavetti 1997a, 1997b, and 1997c; /Mand Cancian 1997; Raargjan
1996;Spatler-Roth et al. 1995; anda®idon 1995). Our stug provides a complete picture
of the employment behavior of welfare recipients who have found jobs, stdrongtheir
initial employment spell and followinghem over timé. In addition, the studgxaminesthe
effects of a broad set of factors on empl@ant eyeriences, includingndividud
characteristics, job characteristics, child care asgaremts and other forms of social support,
and local area characteristic&inally, we also conduct a risk analy that attempts to
identify cases at hip risk of adverse labor market outcomes and provide decision rules for
progams to select these individuals for services.

To studythesassueswe useddata from the 1979 to 1994 Nationargtudinal Survey
of Youth (NLSY).® The NLSY sekckd a ndbnaly represerstive sanple of youths who
were between the ages of 14 and 22 in 1979 and followed the sample members for the nex
15years, until theyeached agg 29 to 37. The data include detailed information ompte
membeas’ program paticipation, labor force paticipation, andother sociodenographc and
economic variablesThe keyfindings from our studyre summarid on the neipace.

Becauseur analysis uses dat obtained beforehie passagof PRWORA, our findings
should be interpreted with cautiomhe reader must remaawareof thelikely of effectsthe
work requirementsandtimelimits imposel by PRWORA on wHare recipients’ employment
behavior. On the one hand, time limits mdissuade soe welfare recipierts from quitting
their jobs. Thus, our description of emplment patterns maynderestimate the actua
employment spells of these individual&n the other handhé new law also requires many
who have little or no labor market@erience to enter the labor mark&ecause thegre
likely to have fewer skills and beless job-redy, these people are morelikely than our sanple
of welfare recipients who found jobs topexience shorter emploent spells.It is difficult
to predict either the result of these two opposeféects or how our description of
employment experiences subsguently will be affected.

Spatler-Rothet al. examines the kinds of jobs that welfare recipients obtain and thatar
which recipients combine work and welfar®eyer and Cancian emine the povertgtatus of
welfare regpient during the five-year perdd afer exit from welfare. Rangarapnexamnesthe first-
year emplognent exeriences of 1,200 welfare recipients who found jobs in 1P@%etti perfoms
simulations to assess how much more welfare recipients could work if their observed Ipersona
characteristics and labor markepexiences mirrored those of women who are not on welfare.

“Theinitial employment spél begins 4 thestat of thefirst job weobseve duringthe sample
period. This is likelyto be the first job for most of the sample members because ofdbagages
when we first started observitigem.

*The random and supplemental samples were used for thaignayncrease sample ez

*Our sample excludes the smdl fraction of older women who receive welfare. Forinstance;in
1995, about 14 percent of welfare caseheads were individuals ovea0oy ag.
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KEY FINDINGS FROM OUR STUDY

Although disadwantaged as a group, wetfre recipients who find jobs arefairly diverse and have different
needs. Given their \aried circunstances, soarecipients are better prepared to enter andinemthelaborforce,
and are likely to need little additionalupport. Others(includingwelfare recipientsvho hae no labor narket
experience and ilv have to find jobs under the TANF ark requirenents) are not as &l prepared, and may need
greater support. Therebre, progans that are proiding job retention evicesmay not hae to erve all welfare
recipientswho find jobs rather,theycould attenpt to identify those clientswith severe or multiple barriersand
target themfor appropriateesvices

Despite some diersity in the types ofjobs theyfind, welfare recipients in generafind fairly unstable,entry-

level jobs that provide low pay, offer few fringe benefts, and are associated with high turnoer. A large

fraction of welfare recipients work in jobs with varying schedules or in @ningor night shift jobs-hours during
which formal child care and public trapsrtation gnerally are les readily available. Varying shifts and
fluctuatinghoursper weekcan afect an indiwdual’'s ability to sustain enployment. The larg numbers of welfare

recipientswho find jobswith nondandard kifts suggests that policynakers must closly exanine the sipply of

child care and trap®rtation duringff-peakhours

Job retention is a problem for most welfare recipients who find jobs, and many become mnemployed
within a year. The first four to Sx months after job dart is a critical period durin g which many stop
working. Reasnsfor job los are prinarily job related or wonilace related, butome welfare recipientéeave
for other reasons. Many who losejobs eventuallyfind other pbs but it talessome time for many people to iind
jobs. Job retention progams may have to focus on helping welfare recigents deal withworkplace isuesaswell
as wth job search assistance and rpkryment assistance, in addition to piding personabndlogisticalsupport.
A small fraction, hovever, renain enployed for longperiods (about 15 percent ramenployed continuouslyfor
atleag two years). These recipientsmay need les enployment support than other @lfare recipientsvho find
jobs.

On average, velfare recipients who work steadily experience corsiderable increases in earnings over time
caused primarily by increass in hours and weeks work ed; wageshowever, improve oy modegly. The
majority of those who remin enployed for long periodsof time nove to better pbs either experiencingome
wage growth or receiing fringe beneits on the pb. However, degite the owerall increass about onehird
experience wagand earninglosses five yearsatfter initial enployment. Thus wage progession grateges might
be needed to help increasages for many welfare recipientsThese stratégs could be to help grioyed welfare
recipientsmove to better and higerpaying jobsor provde themwith additional &ills training

Sameindividual characteristics are associated with positive employment outcomes. Supplemental support
characteristics, sud as child care arrangements, and job characteristics, however, are strongly associated
employment. Individuds with nonrdative child care or othertypes of formal or certer based cae typically have
longer periodsof enployment than those Wwo relyon relatie care.Those vino start in lover-paying jobs or in pbs
withoutfringe benefits lose their jobs quickly. While it is not practical toasume that all welfare recigents will
be able to find high-paying jobs or that siates, facing TANF work requirement goals, will attenpt to placewelfare
recipgients only in high-paying jobs, our fndings do sugest that progam opeators may want to monitor the
progessof those who find low paying jobs, and to offer them a leag some general pb sarch asstance or
reenployment senices. Additionally, job retention pragns may want to focus on child care or other supportive
services and to help indidualswho hawe tenuouschild care arrargrentsfind nore sable brmal child care.

Programs can successfly target clients for job retention services. Becaus of the diversity in theenployment
outcomes of welfare recipients whofind jobs, progams may wart to target gecializedservicesto those wio can
most benefit from them. Our analysis swggests that prograns cansuccesfully identify high-risk cagsusng data
onindividua and job characteristics that are likely to be awilable. Prograns can ug snge characterigcs (such
asage, education levels, or health probles) to identify high-risk cages Alternatiwely, theycan nore accurately
identify high-risk cases by targeting on acombination of dient characterigics. We congructdecigon rulesbasd
on NLSY data that pragins can us to tar@t clients and disuss procedureshat progans can ug to deelop
their own deci®n rules



Nonetheless, regrdless of the behavioral chaasgoccurringas a result of the new law,
our aralysis saves three usdul purpose. First, our etimates of enployment pdterns
provide a benchrark of wefare regpiens employment experiences aginst which more
recen employment béhavior eventudly can be compaed. Second, ouranaysis gves
program operabrs sone sense oftie needs of eployed wefare regpients. For exanple,
reasongor job loss provide an indication of the areas in which rzomg midpt want to focus
services. Ouranalysis alsoprovidesusefulinformation on the period of greatest risk of job
loss, and thus on how lomgogams maywant to monitor emplad welfarerecipients, and
on whether progms should focus on retentionreemploynentservices. Third, our risk
analysis provides information for pragm operators and polisyakers who mayant to se
resaurces nore efficienty by focusng sekecied servtes onhose nost need hem Even
employment patterns chaegin response to the new law, the relationship beatwee
characteristicef individuals and sustained empiognt is not likelyto be affected.Thus,
the risk analwgis, which provides simple decision rules on whom todhfgr selecte
services, isimmeadiately relevant for agertiesconsidering providing job retention services

Il. Methodological Approad?®

The analysis is performed usinghe 1979 to 1994 N&Y surveydata. Our primary
sample includes 800gungwomen who, at some point duritige panel period, startegab
either while receivingAid to Families with Dependent Children (AFDC) or within three
months after endingan ADC spell. We describe these individuals’ circumstances and
provide information about their initial jobskor purposes of comparison, we also describe
individud and job daracteristics of 266 lowincome, nonwelfare sinde motherswho found
jobs,andthe characteristics of about 130 welfare recipients who never found jobs tthering
sample period.? We use sample welds throudpout our descriptive anadg, so that the
results are representative of the undadyopulation.

The analysis of employnent and nonemployent durations is based on individuals’
“spells,” defined as the number of continuous weeks that a persmplsyedin anyjob.
Thus, if anindividud leaves onejob end immaeliately stats anothe, theemployment spél
continues uninterruptedSimilarly, a nonemplognent spell is defined as the number of
continuous weeks after jobiexhat a person is not engyled (that is, unemployed or out of
the labor force). The anajsis of enployment spels includesall employnent spells
experienced byach person in our sample that staeither while the person was receving
AFDC or within three months of ABC ext. Similarly, the analgis of nonemplognent
spells includes all eis from these emplaogent spells. The analgis covers 1,892
employment spells and 1,697 nonempiant spells.

*More detailon the sample and methoddlea) approach is available in Volume 2 of this report.

®The characteristics o the sanple of employed mathers who neverrecevedwelfareduring the
sample period are defined at the start of the first job observed dutiegpanel period.The
characteristics of the sample of welfare recipients who never fousdiyoing the panel period are
defined at the point at which the recpients reached 24 gars of ag, he averag ag of our pmrmary
sanple



Our analysis of wage growth and he paterns of enployment and welare recept over
time follows individuals' experiences during the two- and five-year periods after sample
entry.” The sample for the patterns of empi®nt eyeriences over the tweegr period
contains 730 individuals for whom we have at least twarg of follow-up data, and the
sanple for the five-year analges includes 601 individuals for whom we have fieang of
follow-up data. The wag growth analgis is based on data on the 256 individuals in the
sample who worked durirtye fifth year after sample entand for whom wagand earning
information was not missinig both the first or fifth gars.

The multivariate anaysis examines factorsrelated to the duration of enployment spells
ard to individuas overall employnent or ABDC experiences.In addition to the effects of
demographic and educabn varables, we eamne the effecs of a faily broad rang of
factors on emplayent patternsin particular, we eamine such characteristiaschild care
arrangements, health conditions, drugbuse, and presence of supportive adults; job
characeristics, such as atting wages and frnge benetis; enployment spell characteristics,
and othe local area characteristics extant & thetime the employment spdl started.

The risk analysis atempts to idatify characteristics thd can be usal to prealict which
peopleareathigh risk of havingnegtive labor market outcomes and formulates simplesrule
that policymakers can useto identify these cases. To conduct the risk anadig, we used the
sample of the 601 welfare recipients for whom we have fivaays of follow-up data afte
initial job stat. Inthis analysis, wesdected daaitems tha are rdatively common ad essily
availableto progam opeators to éaminehow wdl they predict high-risk cases. We ddined
acas a “high risk” if the individud worked less tha 70 pecent of theweeks duringthe
five-year paiod dter initial employment. We usel the70 percent cutoff asit effectively split
the sanpleinto two “clusirs” on the bass of heir employment experiences:(1) low earners
with intermittent jobs, ad (2) hider earners with morestéle employment?® To develop
decision rulkes on whomto serve, we eaxmned he predctive power of hese vambles
separately(univariate methods) and in combination, uslagit analysis (multivariate
methods). We based our criteria for assessthg effectiveness of the decision ruleshow
large a propottion of thoseselecied to receve servicesare hgh-risk cagswho are Ikely to
need seavices, so & to minimizedirecting resoures to individuds who do not ned them.

"We selected hese folow-up perods becauséné FRWORA requies sates b devebp plans
to engage welfare regpients in “work” (as defned bythe sate) within two years, and @ndaes a
maxmum lifetime limit of five years of welfare receipt.

8We used “cluster anasis” techniques, torpup observations into twa@ups on the basis of
sample members’ earnings, numbe of jobs hdéd, and stdility of employment. Cluste analysis
groupsobservations that are similar in terms of certain outcomes into a prespecified number of
clusters.



[ll. Employment Experiences olWelfare Recipients Who Fnd Jobs
A. What Are the Characteristics of Welfare Recipients Who knd Jobs?

Understandinghecharacteristicef welfare recipients who find jobs helps tgp&in the
recipients preparedness abdy ener the labor force, andhe exent to which they face
bariers or mg nead assistace to fecilitate thetransition fromwelfare to work. Theanaysis
indicaes he exent of anydiversty anong welfare regpients who find jobs as welas a
profile of their needs.

e Asagroup, wefare recipients who find jobs are fairly disadvantaged. Various
types of assstance may help sone of these mewly employed welfare recipients
through the initial period of the transition from welfare to work.

Many welfare recipients in our sample who found jobsfaceda barrierto their transition
from welfare to work. For instance, manfiad educational deficits, hadyngchildren, or
did not have another supportive adult on whom tteeyd count.On aveage, they were 24
yeass old at the time their jobs started, althdugearlyl5 percent were teemagnothes
(Table 1). About one-third of sample members had neither b sadpool diploma nor a
General Educational Development (GED) certificatéample members performed poorly
on theArmed Forces Qudifying Test (AFQT), an gptitudetest alministered early duringthe
surveyperiod. Nearly25 percent scored in the bottom 10 percent of test takers natjonally
and nearly85 percent were in the bottom half of test takers natianally

The vast majorityof the mothers in the sample had preschool children, and hadny
potentially unstble chld care arrangmens. Because more than 85 percerttad a preswol
child (with nearly60 percent havingn infant or toddler less than twears of ag), the
mothers had to make child care arramgents in order toato work. Nearlyhalf the samie
members had a relative take care of thenupgest child; onlyl5 percent had placed their
youngest child in center-based care. Studies have shown that care by relatives tends to be
less stable than center-based care or other informal child care (Kisker and Ross 1997).

People who face multiple barriers are liketp have a more difficult time durindpe
transition. We examined the distribution across sample members of a set of seve
characteristics a thetime of job stat tha are commonlyviewed as potential barriers: (1) age
less than 20@ars, (2) lack of higschool diplomar GED, (3) low level of basic skills, (4)
presence of a preschool child, (5) absence of supportive adult in household, (6) lack of
driver’s licensg and (7) praence of ahedlth limitation.® Nearly 80 pecent of thesample
members had at least two of these seven barriers (one usoedlived the presence of a
youngchild), and over 50 percent had at least thregu(g 1).

*We include ag less han 20 ars as a pehia barrier because woen who gve bith and
begn receivingwelfareasteenagrshavebeen identified as a@up particularlylikely to experience
long welfare spells and other adverse outcom&$hough age, education, and the presence of a
preschool dhild are likely to becorrelated, ourmultivariate analysis will examinetheeffect of each
of these characteristics on empiwmnt-related outcomes, while holditige others constant.
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TABLE 1

CHARACTERISTICS OF HE SAMPLE

(Percentag9
All Welfare Recipient$Vvho
Find Dbbs

Age in Years(at Sart of Job)

Less than 20 13.7

20to 24 45.4

25t0 29 26.7

30 or nore 14.2

(Average age) (24.0)
Age of Youngest Child (in Years)

Oto2 58.4

3to5 28.5

6 or older 131

(Average age) (2.6)
Child Care Arrangnent

Relative care 47.6

Non+elative care 21.6

Center based care 15.0

Other arrangments 15.8
Lives with Mother/Partner 54.0
Degree Attained

High school diplora 53.1

GED 14.2
AFQT Scores (Percentile)

Less than 10 23.3

11 to 25 28.8

26 to 50 31.4

More than 50 16.5

(Average) (28.6)
Has a Valid Driver’s License 70.4
Health Limitations 5.8
Sample Sze 800

SoUuRCE  Data fomthe 1979 to 1994 NSY Surveys.
NOTE: All edimatesare weighted using the 1979 sanple weights. Data pertain to thetart of the first

obseved employment spell while case was an welfare or within threemonthsafter cas left welfare.




FIGURE 1
PRESENCE OF POTENTIAL RISK FACTORS AMONG WELFARE
RECIPIENTS WHO FIND JOBS
Percent
100 97
80
80 POTENTIAL RISK
FACTORS
60 Age less than 20
51 No high school diploma or GED
Low AFQT scores
Presence of preschool child
40 Not liviing with mother or partner
25 No valid driver's license
Has a health limitation
) l
0 > ™
Minimum number of potential risk factors
Source: Data from the 1979 NLSY Surveys.
Note: All estimates are weighted using the 1979 sample weights. Data pertain to the start of the first observed
employment spell while case was on welfare or within three months after case left welfare.

* Welfare recipients who find jobs are fairly diverse ard have dfferent needs.
Programs that plan to serve working welfare recipients should be prepared
either to directly provide awiderange of services or to povide referralsto other
agerxies that offer these servies.

Welfare recipients who find jobs vary on several dimensions, including educationtypes
of care arrangements they meke for thdr children, and anount ofsogal supportavaiable to
them ascanbeseen fromTablke 1. Given these vamrd crcunstances, somrecpients are
better prepared to enter and remain in the labor force, and are likely to need little additiond
support.Others are not as well prepared, and megd geater supportTherefore, progams
thatareprovidingjob retentionservicesnaynot have to serve all welfare recipients who find
jobs; rather, thegould attempt to identifthoseclients with severe or multiple bariers and
target them for appropriate (and, if necessapecialied) services.

Furthermoregiventhe diversityin welfare recipients’ situations, pm@gns providingob
retention services could tryto tailor services to meet clients’ needs, rather than provide the
same package of services to eveoye. For instance, sample members who do not have a
high school diploma (or equivalent) are more likedyneed trainingr to have basic skills
training integrated wih their jobs. Older wonen who are noaccusbmed b work whenthey
erter the labor force malenefit from counselingn appropriate work behavioretgng
alongwith or dealingwith supervisors, coworkers, and customers; and betaysiddenly
seetheir children less, b&ndng work and family life. Thosewho rdy on rdatives to care
for their young children could be coached to develop back-up aeeqts, as care by
relativestends to be relativelyinstable and prone to breakdownBor those whose



arrangments with relatives alreadye tenuous, progms can help findcceptableegulated
daycare or formal cener-based arrargrent.

B. What Types ofJobs Do Welfre Recipients knd?

The types of jobs that welfare recipients find, includiwgges and earning fringe
benefits, and work schedules, can provide some indication of whether recipients find jobs
that can lead to sustained empi@nt in the longun. Theyprovide progam operatorsvith
informationonthe percentag of welfarerecipients who find low-pagg jobs and, therefore,
on the number of clients who mayieed additional job retention support servicése
number of clients workinghonregilar schedules or shifts durimghich formal daycare or
transportaion options ee less redily available indicates the extent to whid additiond
support in those areas mbg needed

» Desptesonmediversity in thetypes ofjobsthey find, welfare recipients in gereral
find fairly unstable, entry-level jobs that provide low pay, offer few fringe
beneits, and are associated ith high turnover.

Sample members earned an avezagf $6.50 per hour (in 1997 dollars), but nedfy
percent hdd jobs tha pad less tha $5.50 pe haur (Table 2). Only about20 percentfound
jobs that paid $8 or more per hour.

A significantfracton of wefare regpient find parttime jobs -- only slightly more than
50 percent of the sanple membe's hdd full-time jobs (déined as thosewith 35 or moe
hoursof work per week). Combined with the fact that many of the low-paying jobs adso
were part-time, these jobs offered few friagpenefits. Just under half of those who were
askedaboutfringe benefitsreportedvorking in jobs that offered argaid vacation, and about
40 percent had jobs that offered some health insurance.

YTheestimatepresentethere mayinderestimate the numbers who are likelfnd low-payng
jobs. Unde Temporay Assistance for Needy Families (TANF), large numbers of individuals with
little or no work eperience will enter thelabor maket. Thes people aremore likely thanthosein
our sample who found jobs more or less voluntaoifind lower-paing jobs, part-timgobs,or jobs
with few fringe benefits.

“Nearly55 percent were not asked about feilgnefits theyeceived, largly becaus¢heyhad
pat-time jobs, which typically do not offer these benefits, or had worked a short time and were not
employed a the time of the interview. Therefore the numbes reported hae are likely to
overestimae thenumbe of sanple membes in jobs thaoffered fringe bendfits.
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TABLE 2

CHARACTERISTICS OF INITIAL JOBS OBTAINED BY SAMPLE MEMBERS

(Percentag9
All Welfare Recipients
Who Find &bs
Hourly Wages(in 1997 dollark
Less than $4.50 21.0
$4.50 to $5.49 16.0
$5.50 to $6.49 24.4
$6.50 to $7.99 19.0
$8 or nore 19.6
(Averacg) ($6.49)
HoursWorked Rer Week
1to 19 18.0
20to 29 16.3
30to 34 12.1
35to0 39 10.4
40 or nore 43.2
(Average) (31.7)
Weely Earning (in 1997 dollary
Less than $100 20.1
$100 to $174 23.7
$175 to $249 25.7
$250 to $324 16.0
$325 or nore 14.5
(Average) ($213.59)
Fringe Benefts Available
Health insirance 38.6
Lifeinsurance 27.5
Paid vacation 45,5
Occupation
Manager/professional/technical 7.8
Sales 35
Clerical 26.4
Operators 12.3
Senice 36.2
Private houshold 9.1
Other 4.7
Sample Sze 800
SoUurRCE  Data fomthe 1979 to 1994 NSY Surveys.
NOTE: All edimatesare weighted using the 1979 sanple weights. Data pertain to thetart of the first

obseved employment spell while case was an welfare or within threemonthsafter cas left welfare.
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Most of the sample members found entrylevel jobs in hig-turnover occupations, such
asin clerical, services, operator, or private household occupat@wetrall, fewer than 10
percent worked in managal, professional, or technical occupations.

» A largefraction of welfare recipients work in jobswith varying schedules or n
evening or night shift jobs-hours during which formal child care and public
transportation generally are less readily available.

Many welfare recipients work in entigvel service sector jobs, where hours wdrke
frequently vary to accommodate fluctuatindemand. Nearly 30 percent of the sample
memberswere involved in evenin@r night shift jobs, and another 17 percent were in
variable-shift jobs (Fgure 2). Although some recipients mayave chosen these hours
because child care choices were better, othershaag taken these jobs as their only
available options. These people may be affected by thelimited availability of formd child
care and public transportation durioff-peak hours.

Varying shiftsandfluctuatinghoursper week can affect an individual’s abiltty sustain
employment. For many variable-shift jobs entail makingore plans and more back-up
plans. The large numbers of welfare recipients who find jobs with nonstandard shifts
suggests that policgnakers must closelgxamine the supplgf child cae and transportation
during off-peak hours Finally, for those in jobsn which the number of hours worked vary

FIGURE 2
SHIFT WORKED BY WELFARE RECIPIENTS WHO FIND JOBS
Percent
100
80
60 54.4
40
20 17.3
0
Regular Day Shift Evening/Night Shift Variable Shift
SOURCE: Data from the 1979 NLSY Surveys.
NOTE: All estimates are weighted using the 1979 sample weights. Data pertain to the start of the first
observed employment spell while case was on welfare or within three months after case left welfare.
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weekly, budgeting income and exenses can increase in comjitgx sugyesting the
importance of promotinghe concept of budging income and egxenses for these
individuals.

C. How Do Welfare Recpients Who Find Jobs Conpare with Other Smilar Grou ps of
Individuals?

People often compare welfare recipients with other nonwelfare, low-incoméesing
mothers who find jobs, concludinghat if mothers in the lattergup can succeed on their
own, welfarerecipients an do so a well. This peception may be legitimate if welfare
recipients who find jobs gefairly similar to enployed low-incomesinge motheswho never
received welfare Although we cannot measure such factors as aloititypotivation, we an
compardhesegroupswith respecto their observed characteristics and thpegyof jobs they
find. Anothergroup ofpolicy interest is welfare recipients who hare never worked. The
characteristicsef these individuals provides pmagn operators and policyakers some sense
of the people who ae likely to have to find jobs & the TANF rules and timelimits are
implemented.*?

» Welfarerecipients who find jobs are more disadvantagedthan other low-income
single mothers who find jobs but never receved welfare. They ako ind jobs
that are not quite as good as those obtained by nomlfare, low-income single
mothers.

Employed bw-income singe mothers who never rece2d wefare face fewebarriersto
employment and gnerally find better jobs than do emplkey welfare recipients.For
instance,in the NLSY, low-income sintg mothers who found jobs but never received
welfare had higher eduction levels and hicher basic skills than did wdfare recipients who
found jobs (Table 3% About 80 percent of nonwelfare, low-income $ngothers who
found jobs hal high sdool diploma or GEDs, compaed with 67 pecent of welfare
recipients who found jobsThe nonwelfare mothers who found jobs also tended to have
higher AFQT scores than did welfare recipients who found jobs.

2The“never worked” or “never receed wefare” satuses oftie conparison sanples discussed
in this section perain to their enployment status or welare recept during the 16 years of data
available on these individuals in the SI¥.

3We define low-income individuals as those whose household income in¢hae prior to job
start was less than 185 percent of the povértgshold (as determined usimjormation on their
household size and composition).
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TABLE 3

COMPARING SELECTED CHARACTERISTICS OF EMPLOYED, LOW-INCOME SINGLE MOTHERS
WHO DID NOT RECEIVE WELFARE WITH THOSEOFEMPLOYED
WELFARE RECPIENTS

Employed, Low-Income Singe
Mothers Never onWelfare? Welfare Recipients Who  P-Valuesto Test for

Found Employment Differences
High School Diplomaor GED 80.3 66.5 0.00***
Average AFQT Score (Percentile) 36.7 28.6 0.00%**
Has Valid Driver's License 83.1 70.4 0.00***
Teenage Mother 47.9 59.3 0.01*
Grew Up in Two-Parent Household 76.2 68.0 0.05*
Sample Sze 266 800

SoUuRCE Data fom the1979 t01994 NLSY Surveys.

NOTE:

All estimates are weighted usng the 1979 smple weights

*Low incame is defined asthase whose income was less than 185 pesent of the poverty limit.

*Significantly different from zero at the.10 keve, two-tailed test.
**Significantly different from zero at the.05 level, two-tailed test.
***Si gnificantly differert from zero &the 01 level, two-tailed test.

The jobs that emplagd welfare recipients obtained were not quite @sdgas those
obtainedby nonwelfareJow-incomesinge mothers. There were some differences in wag
and considerablarger differences in fring benefits and other job alaeteristics (Table 4).
The averag hourlywage received byhe welfare recipient who found emptogntwasabout
30 cents less than that receivedrimnwelfare mdters. In addition, welfare recipients who
foundemployment worked fewer hoursleadng to a rektive difference of abou$30 in the
weekly earning of the two goups. Finally, welfare recipients who found jobs were more
likely than nonwelfare, low-income sitg mothers who found jobs to hold eveniog
variable-shift jobs (46 percent versus 25 percent).

Employed welfare recipients were also less likétan nonwelfare, low-income sileg
mothers to have jobs that offered friegbenefits. For instance, 46 percent of welfare
recipients who found jobs reported receivipaid vacations, compared with 67 percent in
the nonwelfre sample. Employed welfare recipients dso were somewhat less likely than
nonwelfare, low-income sirg mothers to hold manufacturingrofessional, orlerical jobs
and were more likelyto hold service sector jobs or to work in private households (not
shown).
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TABLE 4

COMPARING SELECTED JOB CHARACTERISTICS OF EMPLOYED, LOW-INCOME SINGLE MOTHERS
WHO DID NOT RECEIVE WELFARE WITH THOSEOF EMPLOYED WELFARE RECIPIENTS

Employed, Low-Income

Single Mothers, Welfare Recipients Who P-Values to Test for
Never onWelfare? Found Bmployment Differences’

Average Wages Dollars) 6.79 6.49 0.39
Average Hours Worked 35.34 31.7 0.00**
Average Weekly Earnings $243 $214 0.06*
Shift Worked

Regular day 74.7 54.4 0.00***

Evening/night 12.0 28.3 0.00**

Variable 13.3 17.3 0.00**
Fringe Ben€fits Available

Health inaurance 47.8 38.6 0.15

Paid vacatio 67.3 455 0.00***
Sample Sze 266 800

SouRCE Data fom the1979 t01994 NLSY Surveys.
NOTE: All estimates are weighted usng the 1979 smple weights Wages and @rnings arein 1997 ddlars.

*Low incame is defined asthase whose income was less than 185 pesent of the poverty limit.
PT-tests were conductel for continucusand binay variables and chisquaed tests were conductel for cateyorical variables.

*Significantly different from zero at the.10 level, two-tailed test.
**Sgnificantl different from zero at the.05 kevel, two-tailed test.
**Sij gnificantly differert from zero &the 01 level, two-tailed test.

« Welfare recipients who have rever work ed are more disadvantagedthan welfare
recipients who find employment. With TANF work requirements, many of these
individuals will now haveto find employment. Agencieswill, therefore, haveto
work with evenmore disadvantagedpeoplethan they work edwith before TANF.

Nonworking welfare regpients were worse offlian were workig welfare regpients. In
paticular, nonworkingwelfare recipients tended to have somewhat lower education levels
andsignificantly lower basic skills than did other welfare recipients who have found jobs
(Figure 3). About 60 percent of nonworkingelfare recipients had Higschooldiplomas or
GEDs, conpared wth 66 percenpf working welfare regpients. The diferencesm the
AFQT score of the twom@ups were more strikingFor instance, more than 50 percent of
nonworking welfare recipients ranked in the lowest 10 percentile of the AFQT distribution,
compared with less than 25 percent of working welfarerecipientss (a significantdifference).
Nonworking welfare recipients also were about half as likes workingwelfare recipients
to hold valid driver’s licenses (37 versus 70 percent).

Asthe new law is implemented, most able-bodied welfare recipients will have to find

employment, induding many welfare recipients who hae hal little or no enployment
experience. Many individuals who will now have to work will be drawn from a population
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FIGURE 3

COMPARING EDUCATIONAL ATTAINMENT AND RELATED CHARACTERISTICS OF
WELFARE RECIPIENTS WHO HAVE NEVER WORKED IN THE LABOR MARKET
WITH THOSE OF EMPLOYED WELFARE RECIPIENTS

Percent Percent

100 100
80 80
60

40

20

AFQT Scores (percentiles)

L it S

Source: Data from the 1979 to 1994 NLSY Surveys.
Note: All estimates are weighted using the 1979 sample weights. T-tests were conducted for HS Diploma/GED and driver's license
variables, and chi-squared tests were conducted for the AFQT score distribution.

*Significantly different from zero at the .10 level, two-tailed test.
**Significantly different from zero at the .05 level, two-tailed test.
***Sjignificantly different from zero at the .01 level, two-tailed test.

that resembles those who in the past never worked. These individuals,asa group,aremore
disadvantagd than welfare recipients who found jobs in the pRatticularlygiven the low
levelsof basicskills amongnonworkingwelfare recipients, pragms maywvant to targt this
groupfor basicskills training or other types d vocational or occupational training to help

them find jobs, and mayant to provide additional support to ensure that members of this
group can keep their jobs.

D. What Are the Employment Patterns of Welfare Recipients Who Fnd Jobs?

Key questions that welfare agcies are interested in knowitige answers to include
How many employed welfare recipients lose their jobs and how quickly What are reasons
for job loss? And, howlongbeforetheyfind other jobs?Answers to these questions provide
some sense of wdfare recipients’ attachment to thelabor foree and thestaility of this
attachmentFor progamsconsideringorovidingjob retention services, implications for how
long these services should be provided differ if manwglfare recipients who become
employed lose teir jobs veryquickly than i welfare regpients stay enployed for bng
periods or if no pattern to job loss is observedReasons for job loss can offer job retention
programs glidance on the fyes of services to consideknalysis of reemployment patterns
anmong those who lose jobs provides some indication of whether pragns should focus on
job retention services, reemplagnt services, or bothggs of services.
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» Job retention is a problem for most welfare recipients who find jobs, and a
substantial majority become nonenployed within a year. The first four to six
months after job start is a critical period during which many are likely to lose
their jobs. Job retention programs may want to consider providing general
employment support sevicesduring this period to welfare recipients who have
found jobs.

Thesubstatial mgority of welfare recipients who find jobs loséher jobs farly quidcly.
For instance, in our sample, nead$ percent of emplaogent spells ended within four
months and more than 75 percent ended within oear Fgure 4)* The median
employment spell lasted five months.

Thefirst four to six months after job start is a critical period duringhich manypeople
stgp working. For instance, durg each of he first four months afer job sart, betveen 13
ard 15 percent of those still employed at the bagning of the month become nonempéoly
by the end of the month. This monthlyjob loss rate dropped to 10 percent for thet hem
months, and thenrgduallyfell to around 5 to 6 percent for most of the remaipagod.
The hidh rate of job loss durinthe earlynonths of emplayent sugests the importance of
monitoring individuals’ employnent statuses and offerirggneral emplognent support
services for at least the first few months after job start.

FIGURE 4
EXIT RATES FROM EMPLOYMENT, BY MONTH AFTER START OF EMPLOYMENT SPELL

Percent

100 Cumulative Exit Rate

from Employment Spell

o

80

60

40

20
Monthly Exit Rate
2 4 6 8 10 12 14 16 18 20 22 24

Months After Job Start
Source: Data from the 1979 to 1994 NLSY Surveys.

“We define an emplayent spell as havingnded if an individual loses abjand does not find
arother job within one month of job lossln other words, periods of nonempiognt for less than
one month do not count toward an emphent spell havingnded.
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It is important to recognize tha there is asmdl fraction who renan employed in the
same spell for long periods. For instance, about 16 percent of the sample members ha
employment spels that lasted for atleasttwo years. These re@ients may need éss
employment support than other welfare recipients who find jobs.

» Reasors for job loss are pimarily job related or work place rekted, but sone
welfare recipients leave for other reasors. Job retention programs may haveto
focus onhelping welfare recipients deal with work place sswes, n addition to
providing personal and logisical support.

Welfare recpients leave pbs for a vaety of reasons, butost reporta work-reéted
reason.’® Between 35 and 45 percent reported leavhejr initial jobs because theyere
laid off or fired, or becauséhe¢ir job ended. Another 10 6 15 percenteft because of
preghancyor family reasons.The remainingyroup reported leavingpr “other” reasons,
which include pb-rekted facbrs (such as diiking the working condtions, receiing pay
that was too low, wantinga better job, or takingnother job) and other personal reasons.
Unfortunatly, the NLSY does notspeciy these dber reasonsData from a recenstudy
indicate that personal factors such as child care and transportation, lack ofsizppibyt,
and health limitations wee someof the moreimportant reasons for job loss (Ragargjan
1996). Marriage was not cited as a common reason for leathiagob.

To the extent that many welfare regpients leave heir jobs because of work-gtéd
reasons, job retention strateg maywant tofocus on coaching clients on appropriate work
expectations and bdnavior; getting dongwith coworkers, supevisors, ad austomes; and
taking personal responsibilitso maintain emplayent. To some etent, byfinding jobs,
welfare recipients have overcome some of the personal arstidadparriers that may have
been related to finding work, such as child care and transportation. However,progam staff
may want to help clients make sure that these aremgnts are stable, and that breakdown
in arrangments does not lead to job loss. Moreover, as wkimg jobs are lowaying and
offer few benefits, pragms could attempt to provide or encowdbe use of earnisg
supplements, such as veegubsidies or tagredits.

* The vast ngjority of those who becone nonenployed find other jobs. However,
it takes sone time for many people to fnd other jobs, suggesting thajob search
and reemployment services nay have to ke major components of employment
retention strategies.

Most employed welfare recipients in our sample who became nonemgpyentually
foundotherjobs (93 percenfoundjobswithin five years, not shown). However, there was
considerable variation in how quicklyheyfound jobs. For instance, nearl@0 percent of
those whose nonemplayent spell ended found other emplognt within three months

™Wereport the reasons individuals ended timgiial jobs, which are not necessatife reasons
individuak ended heir enployment spels. This is because soenindividuak moved fromtheir
initial job immediatelyto another and, hence, continued their empleyt spells.
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(Figure5). However, nearly 40 percent did not find new jobs within oneewar. The finding
that manypeople have trouble obtainingbs sugests that intensive job search and
reemploynent assistance has to be an important component of emgibyretention
progams.

FIGURE 5

CUMULATIVE REEMPLOYMENT RATES, BY MONTH AFTER
START OF NONEMPLOYMENT SPELL

Reemployment Rate
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80 Cumulative Reemployment Rate
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2 4 6 8 10 12 14 16 18 20 22 24

Month After Start of Nonemployment Spell
Source: Data from the 1979 to 1994 NLSY Surveys.

E. What Are Welfare Recpients’ Employment and Welfare ExperiencesOver theLong Run?

Policy makers are often the most concerned about individuals who receive welfare, but
have very little labor fore attachment. Our analysis of durdion of employment spéls
showed that manwelfare recipients who obtain jobs lose them quichig that many who
lose their jobs eventuallyfind others. If individuals constantlycycle in and out of
employment, then their overall employent behavior migt look quite different than if it
were described by the spell analyses alone.Thus, an eamination of the overall patterns of
employment and welfare receipt can provide a better picture of how these people are doing
overtime. We examine both the two-year period and the five-year period &fter initial job
start.

» Overall employment rates decrease rajpdly during the first few months after job
start and then stahilize over tme. Only a snall fraction of welfare recipients
who find jobsexperiencesteady employment during the two- or five-year periods
after initial employment. Consejuently, many people may still be reliant on
public assstance when they reachthe time limits imposedby TANF.

By definition, all samplemembersvereempbyed during the first month after job Sart.

However, emplognent rates dropped rapidiy about 60 percent over the hek months
(Figure 6), which is consistent with our findsfrom the spell anadis that emplognent
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FIGURE 6
PATTERNS OF OVERALL EMPLOYMENT DURING THE FIVE-YEAR PERIOD

AFTER INITIAL EMPLOYMENT
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Months After Job Start
Source: Data from the 1979 to 1994 NLSY Surveys.

spdls are short. Employment raes rananed fairly steable thereafter, with 50 to 60 pecent
holdingjobs in anygiven month.

On average, sample members worked only one-half of the months durirtge follow-up
periods, sugestingthat manyhad considerable periods of nonemptewnt. Rurtherevidence
of this findingis that onlyabout 25 percent were empéaolfor less than a quartertbetime,
and only30 percent were emplegt more than three-quarters of the weeks (Table 5).

Thedistributionof time workedlooksvery similar regrdless of whether we arine the
two-year period or the fiveear period after initial employent. For instance, in both
periods, sample members were emgldyan averagof about hid the weeks. Furthermore,
those who experience little employment duringthe two-year peiod continueto have low
employment duringhe five-year period, and those who are emplbyor most of the two-
year period continue to be employed for most of the five-gar period (not shown)We also
foundthat, as egected, those who are empdalyfor more time over the loagperiod as
lesslikely to bereliantonwelfare or other sources, compared with those whose emeituy
levels are less stable (not shown).

Some welfare recipients parience substantial job turnover durthg two-andfive-year
periods afér job sart Sample members averagd nearny two employment spells during the
two-yearperiod,andthree during the five-year period (Table 5).* However, one-third had

¥Eachemployment spell could include one or more jolspeopk switched directly from one
job to another (or did so with one month or less of nonenmpéoyt), then the different jobs were
treated as one continuous empi@nt spell.
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TABLE 5

EMPLOYMENT EXPERIENCES DURNG THE TWO- AND FVE-YEAR PERIODS
AFTER THE START OF THE FIRST EMPLOYMENT SPELL

(Percentages)
Two-Year Paiod Five-Year Paiod

Percertage of Total Weels Employed

Lessthan 25 26.0 25.8

2510 50 20.8 22.1

50to 75 22.2 22.8

More than 75 31.0 29.3

(Average percent of weeks employed) (53.8) (52.5)
Number of Employment Spdls

1 44.9 16.1

2 36.8 29.9

3 14.2 20.9

4 ormore 4.2 33.2

(Average number of spells) (2.8) (3.0
Sample Size 730 601

SOURCE Datafromthe1979 to 1994 NSY Suweys.
NOTE:  Figures peatain to the pacentage of sample membersin the specified caegaies. For exanple, 26 percert of sanple
members worked fewer than 25 percert of weeks drring the wo-year period after job start

four or more employnent spells duringhe five-year period after job startReseard
indicateghatemploymentturnover does not lead to better jobs for about one-third of welfare
recipients (Rangrajan 1996).Thus, the substantial turnover amadhg emplogd welfare
populdion does not necessaly transhte into improved econont circumstances for all
individuals.

» Welfare recpiency rates anong enployedwelfare recipients decrease steaitly
over time. However, a substantial nunber of them still receive public assistace
five years afer initial job start. Unless the work requirements and other aspects
of the newlaw motivate and enable sora of them to get of welfare sooner, these
individuals arelikely to experience dfficulties when they reachthe TANF time
limits and must exit welfar e.

Because the TANF progm completelghangs the rules undevhich peoplecanreceive
welfare, large ateratons n paterns of wefare recept are nevitable. Of all the resuls
presengd in this report those concernig welfare recgit must, therefore, be \awed very
cautiously

Overall, welfare receipt decreases rapidlyring the first few months after initial
employment, partly reflectingthe end of short-term disragls of earningy For instance
more tan 80 percentf sanple members were receing welfare during the job start month
compared with about 53 percent snonths later (Figre 7). Thereafter, welfare receipt
decreased slowlgut steadilyover time, althouig substantial numbers of individuals wer
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still on welfare five years after initial employment. Overall, nearly one-third of welfare
recipients who found jobs were receivinglfare five ears later.

Only a small proportion of sample members combine the welfare and v8woke
welfare recipients who found jobs continued to stayployedthroughoutmostof thelonger
period and exited welfare, while manylost their jobs anda back on welfare A small but
increasing fraction (15 to 20 percent liie end of five gars) were neither empleg nor
relianton welfare(notshown). This goup presumablyelied on other sources of support,
such as a parent or partner.

Overall,ourfindings indicate that mamyelfare recipients who find emploent have
unstable or tenuous labor force attachment and are tixddgrelianton public assistance
when tey start reaching the TANF-imposed time limits. No doubt, time limits themselves
may peasuae somewho midt have left their jobs to #empt to réain them, but some
people especiallythosewho face severe or multiple barriers, will find it difficult to do so.
The problem of job retention is liketp become even more severe as more people who lo
like the welfarerecipiens who neverworkedin the paststart enering the labor force. These
individuals are more likelto have difficultykeepingther jobs. These findings, in general,
suggest that states and local agencies should consider providingob retention assistance for
welfare regpients, in addtion © job placenentassstance.

FIGURE 7

PATTERNS OF OVERALL WELFARE RECEIPT DURING THE FIVE-YEAR PERIOD
AFTER INITIAL EMPLOYMENT
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Months After Job Start
Source: Data from the 1979 to 1994 NLSY Surveys.
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F. What Wage and Beneift Growth Do Employed Welfare Recipients Experience Ove
Time?

The extent of wage growth experienced byenployed wefare regpients can hgb shape
the focus of emplayent-oriented stratégs currenthypeingconsidered byvelfare agencies.
If welfare recipients who find jobs perience wag growth over time, either because of
progessionin thesamejob or amoveto abeter one then employment itsdf will le ad to job
advancement. Converselyif welfare recipients simplgontinue to cgle in and out of
employment in the same s of low-paing jobs, then programs may want to focus on job
advancement strategs to help these individuals move ahedlde examine wag growth
amongthe256 sample members who were emptbpt some time durirtye fifth year afte
their initial employment.!” Theresults of this aalysis must beinterpreted with caution,
because the analg sample is not representative of all sample members who foundraibs.
example, people in this sample were likely to have been employed nearly three times longer
than those who were not workimgthe fifth year and, on averaghad higer eduetion and
aptitude levels *®

« On average, velfare recipients experience corsiderable increasesm earnings
over time caused primarily by increases m hours ard weeks work ed; wages
however, improve only modestly. Despite the overall i ncreasesabout one-third
experiencedwage ard earnings losses.

Employed sanple members gneraly experienced ginificant increasesn earnngs
during the five-year period. For instance, nearlyO percent gxerienced an increase in
earning, and overall earnisgyew byone-third duringhe five-yearperiod(Table6). These
increasesvere driven largly by the combined increase in hours worked per week and
increase in weeks worked per year, leading to substantial increasesn annualhoursworked.
However, hourlywages, gew byless than 10 percent, on averagver the fre-year period.

YAlthoudh we have five gars of follow-up data on 600 people, mamyhis goup were not
employed by thefifth year after initial employment. Moreover, for sone, wage or earnngs data for
either the first or thefifth year were missing these sanple membes wae excluded from the
analysis.

8For instance, 62 percent in the veagrowth analgis sample had higschool diploma
compared with 56 pesent of thosenot workingin year 5. Similarly, fewer than 20 pecent in the
wage growth analysis sample saored less tha the 10th pecentile on theAFQT compaed with 36
percert of thosenot workingin year 5. Both differences are stdistically significant. Volume 2
provides a more detailed anadyof the differences between those includedthoseexcludedfrom
the wagp growth anaysis.
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TABLE 6

MEAN CHARACTERISTICS OF JOBSHELD IN THE HRST AND HFTH YEARS
(After the Stat of the First Enployment Spdi)

FirstYear Fifth Year Growth (Percert)

Houry Wage (in 1997 dollas)® $7.15 $7.78 8.8
Hours Worked pe Week® 33.6 37.3 11.0
Weeks Worked 34.1 39.1 14.7
Annud Earnings (in 1997 dollas) $9,253 $12,263 325
Fringe Ben€fits Available on theJol
(Percenage)

Health insurance 47.5 62.3 31.2

Paid vacation 54.0 72.9 35.0
Sample Size 256 256 256

SOURCE Datafromthe1979 to 1994 NSY Suweys.
NoTe: Datapetan to thog who worked in thefirst and fifth years and hal nonmissing employment-relateddata. The jobs
worked in the first and fifth years mey differ.

2Data for the fifth year pertain to the nostrecen job in the fifth year.

P Average annud earnings is greater than the produd of average of the houtly wage, average hours worked pe week, and
averagenveeksworked per year. Thisis becaise hose with higher wages asotend to work more hours pe year than thos
with low wages. Therefore, high wage earners’ houtty wages tend to gt weighted more heavily in the annud earnings
calculations.

We observamixedevidenceabouttheextent to which individuals are movirig “better”
jobs. For instance, althougthe majorityof employd welfare recipients eerience
increasesn hourly wages, more than 40 percent of the sample members reported lowe
hourly wages five years after initial employment (Table 7). However, themgority are aso
shifting toward full-time emplognent, in terms of hours worked per week and, to aresse
extent, the number of weeks worked peay.

Many sample members also moved to jobs that provide gibgnefits such as health
insurance or pad vacation. For instance, lhe proporiton of smple membersreceving pad
vacation increased byne-third, from 54 percent to 73 percdiiable 6)° Overall, about
70percentmoved b “better” jobs, n terms of ether experiencing a wag growth or receving
fringe benefits on the job, and aesdible number gerienced both (not shown).

¥ Individuals who stated off in higher-paying jobs were more likely to receive fringe benefts
initially and were less likely to have lost their fringe benefits overtime thanwerethosewho started
in lower-payng jobs (not shown).
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TABLE 7

GROWTH IN HOURLY WAGES, HOURSWORKED, WEEKSWORKED, AND ANNUAL EARNINGS,
IN JOBSHELD IN THE ARST AND FIFTH YEARS

(Percenages)
Experienceda ExperiencedNo Experiencedan
Decrease Charge Increase
Houry Wages 42.3 0.0 57.7
Hours Worked pe Week 334 11.3 55.3
Weeks Worked 29.1 25.4 45.5
Annud Earnings 30.5 0.0 69.5
Sample Size 256 256 256

SOURCE Datafromthe1979 to 1994 NSY Suweys.
NoTte: Datapetan to thog who worked in thefirst and fifth years and hal nonmissing employment-relateddata. The jobs
worked in the first and fifth years may differ.

Although most individuals tend to have stable empient or obtain jobs with bette
fringe bendits ove time, asubstatia minority (beween 30 and 40 pecent) end up in lowe-
paying jobs or have lower annual earnm@jve years after initial emplayent. Thus, the
assunption that any employment will lead to better future income hasonly weaksupportin
our data. Thesefindings sugest that wag progession stratags midit be needed to help
increase wages for many welfare regpients. These stategies coutl be b help enployed
welfare recipients move to better and hay-payng jobs or provide them with additioha
skills training. For those for whom these services aone may not be effective, programs
might consider providing(or encouraing the use of) earnirsgsupplements in the form of
tax credits or other support services (such as child care subsidies) to offset some of the
expenses of emplaogent.

G. What Characteristics Are Related to Sustained Emloyment?

Understanding the relationship of a broad ramgf individual, job and local aae
characteristics to emplayent outcomes can help better understand issues related to job
retention and can provide someligance to progam operators who maye considering
providingjob retentionservices.For instanceif certain tyes of child care arrapgents are
related to hip rates of job loss, then pn@gns can consider providirgild care support.
If low wages or lack of fring@ benefits are associated with job loss, thegranas may want
to consider job advancement strateg and, possibJyo provide earningsupplements for
those who have trouble advancingn their jobs. We examine the relationship betwee
employmentoutcomesandsuchfactorsasindividual demogaphic characteristics, education
andbasicskills, supplemental support characteristics (includimig care arrargments and
the presence of supportive adults), job characteristics (incluiditigl wages and fring
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benefts), local area charaetistics (including the unenployment rate and welare benefit
levels), and several emplayent and welfare spell characteristics (inahgdvhether the job

started after the case left welfare and thelength of timethe case was on ARDC prior to job
start)®

We conduced both univariate and multivariate analyses to examine thereationship of
awide rang of factors to the duration of empiognt spells and to the fraction of time
employed duringthe two- and five-gar follow-upperiods. Theunivariateanalysis examines
how each characteristic bigelf is related to an outcome; the multivariate asmgpamines
the effectof eachcharacteristic on the outcome after controlliogthe effects of all other
characteristicsFor example, suppose that people withthgrhooldiplomasor GEDsare
more likely than hidn school dropouts to have hihFQT scores. To examine the effect of
educations levels on emplment eyperiences, the univariate anab/simply examines how
these experiences compare for those with and without dIsichool credential, rexdless
of the individuals’ ARQT scores.In contrast, the multariate analysis examines the effects
of havinga high schoolcredentiafor peoge with agiven AFQT score (that is, it takes into
accountthe fact that individuals with more education tend to have relatively higher test
scores, and hat AFQT scores ab are radted to the outome). The unvariate anaysis
provides useful information for progms that magonsider targtingservices to idividuals
with certain characteristics. The multivariate anaysis allows for a geaer undersinding of
the relationships amongarious characteristics and outcomes.

* Individuals who simultaneowsly work and receve welfare have corsiderably
shorter employment spells compared with people who obtain a job as they exit
welfare or just before they ext welfare. However, how long a personrecewved
welfare benefits prior to job start does not itsdf affect the duration of
employment spells.

Whetherapersonconinuesto receve welfare after obtaining ajob is highly associated
with the duration of emplayent sjglls. For instance, the median employment spell length
was only four months for hose who receed AFDCfor atleastthree nonths afer their
employment spell started, compared with aboutheigr nine months for those who left
AFDC soon after job start or startedoyment after exiting AFDC (not shown§! These
resuts partly reflect the fact that those who find employment but coninueto receve AFDC
have certain observed or unobserved characteristics that make it difficult for them to retain
their jobs. It isalso posdle that coninued wellare recet can nake it convenient for some
employed individuals to leave emplment and relynore fuly on welfare. Our data do not
alow us b deermine whythose who snultaneousy work and recetie welfare have shorter
employment spells.

“These measures were ddined & thestat of theinitial employment spdi.

“This variable continues to have a strong effect even after education, basic aptitude, and other
job characteristics (such as wag and hours worked) are taken into account in the multivariate
analysis.
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The median spdl employment length did not differ for people who wee in thar initial
employment spdl or in later ones. Similarly, spél length did not diffe for thosewhose
AFDC spdlls had lasted for more or less than oearyafter job startin other words, once
people obtained a job, whether thépd longr periods of prior AFDC receipt or shorter
periods of pror AFDC recept did notaffecthow longthey retained their jobs.

« Most individual and local area characteristics have only sall effects on
employment spdl lengths. Supplemental support characteristics, sud as dild
care arrangements, seento have sonawhat larger effect onspell lengths.

We observe some small differences in emplent spell lentps across sulbgups
defined by individuak' characeristics (Tabk 8)2* For nstance, he median enployment
spelldurationfor olderwomenwas lon@r than for teenagmothers (sixnonths versus three
or four months). Interestindy, althoudn education and basic skill levels are important
predictors of whether a person obtains a job, thaly have a small effect on how long
welfarerecipientsvhofind jobs stayemployed. Those with hig school diplomas had loag
employment spdls than did thosewho lacked diplomas, and spd length was positivéy
asociated with AFQT scores.However, the actual differences in the median spelitteng
across these sulmips was onlpbout one montH.

Individuals nonrelative child care or othepéyg of brmal or center-based care typically
had considerably longer employnent spells than did those who relied on relative cBoe.
instance, the median spell lehdor those with relative care was 8 or 9 months, compared
with 13 to 16 months for those with other forms of cir@©ther local area variables, such
asthelocal unemployment rate or AFDC bendit levels, were not rdated to enployment spél
lengths.

In summary, both theunivariate and multivaiate anayses show tha many individud
characteristics affectinghether a person obtains a job do not have lafigcts on the letig
of employment spells. For example, having hidh school diploma has a laggffect on
finding a job but onlya small effect on emplayent spell lenth. The relativelylarge

*’Table 8 presents median spdl lengths from both theinivaiate and multivaiate analyses. The
results of thee analyses are largely similar. Volumelll of this rgort presents thefull findings for
the univariate analyses, as well as the coefficient estimates and melian spdl lengths from the
multivariate anaysis.

ZIn the multivariate analys, we found that having hich school diploma was sifficantly
related to longer spells, whereas those with GEDs odhly not differ from hidp school dropouts.
However, the difference in the median empient spell lent for thosewith high schooldiplomas
and those with GEDs was ordyie month.

24Sample membea's with longer employment spdls were morelikely than thosewith shorte
spells to have been asked about child carangaments, leading to higher median spell lengths for
this group than for the full samplelhese results hold up in the multivariate asadywhich takes
into account the agof the mother and the @agf the yungest child.
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TABLE 8

MEDIAN EMPLOYMENT SFELL LENGTHS FOR KEY SUEBROUPS
DEFINED BY INDIVIDUAL AND J OB CHARACTERISTICS

(In Monthg)
Median Spell Lengh
Univariate Multivariate
Analysis Analysis

Overall 5 5
Age (Yeas)

Youngerthan 20 3 4

20to24 5 5

25t029 6 5

30 or older 6 6
RaceéEthnicity

White, nonHispanic 6 5

Black, non-Hispanic 5 5

Hispatric 5 6
High Sdool Graduaion Sttus

Has a high <hool diploma 6 6

Has a GED 6 5

Has netthera high <hool diploma nora GED 5
AFQT Pecentile Score

10 a less 4 5

11to25 5 5

26 to50 7 6

More than 50 6 5
Child Care Arrangerents®

Relative care 8 9

Nonrelative care 13 13

Centr care 13 10

Othercare 16 16
Drinking Practices Six or More Alcoholic Drinks Fouror More
Times inPast Month

Yes 4 4

No 6 6
Hourly Wages (in 1997 Dollars}?

Less tlan$4.50 4 5

$4.50 t0$4.49 4 5

$5.50 t0$6.49 7 7

$6.50 t0$7.99 6 9

$8.00 @ more 13 12
PaidVacatian®

No 7 7

Yes 13 12
Total Number of Spells 1,870 1,697

SOURCE Data fram the 1979 t01994 NLSY Surveys.

& Sample members with long pb spells were more likely than those with shorter spells to have been aked adout child care
arrangerent and fringe kenefts on the job. The nedian spell lenghs for these variablesare calculated from modds
that exclude those with missing values d these vambes.
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differences n spel length betveen hose who have ane formal child care arrangments
compared with those who have relative care are consistent with other research findinbat
relative care arrargments tend to be less stable (Kisker and Ross 19%i8se finding
suggest that job retention progams maywant to focus on child care or other supportive
services, and to help individuals who have tenuous child care amaergs find ma stable
formal child care.

» Job characteristics at the start of the enployment spell are strongly assocated
with the duration of employment spells.

In contrast to such characteristics sud as education and basic skills, job taracteristics
(for example, wags and benefits) are closalglated to emplayent spell lenths. Spell
durations typically were much longr for women with hif startingearning than for those
with lower earning. For instance, those who earned less than $8.00 per haur ha
considerablyshorter median spell letigs than did those with hourlyages of more tha
$8.00 (Table 8). Moreover, people whose jobs provided fringe benefits had longer
employment spells than did those whose jobs did*hofThese finding remain valid
regardless of the education or skill level of individuds). Peoplein variable-shift jobs wee
samewhat less likely than those in regular-shift jobs to stay employed (not shown). Finally,
spell durations do not valyy occupation and industiymot shown).

It is possiblehatwelfare recipients who find hingr-payng jobs with fringe benefits ma
have unobserved characteristics, such as abititpotivation that would leadthemto have
long spells in any circumstances. In this case, ti is not clear hat providing all welfare
recipients with god jobs will produce the samesults for all recipierts. Furthermore,itis
not pratica to assumetha al welfare recipients will be able to find high-paying jobs or tha
states, whose @pls and requiements are ¢ place nost or al welfare recipientsin jobs, will
attempt to place welare regpients only in high-paying jobs. However, hese fndings do
suggest that people who initiallgre emplogd in lower-paing jobsor in jobswithoutfringe
benefitsare likelyto have short employent spells.Therefore, progam operators mayant
to monitor the progess of this ghup, and to offer them at least soneaeyal job seaitt
assstance or reeployment servces.

* Individual and job characteristics that are related to longer employment spells
also are rehted to sustained enployment during the two and five-year period
after initial employment.

We obseve somesimilarity in thefindings on how baracteristics are related to different
employment outomes. Similar to thefindings rdated to enployment spdls, people who
were older, had more education, scored lreg on AFQT tests, or started at mgr-payng
jobs worked more of thetime during both thetwo- and five-year peiods tha did ther

#Individuas in high-paying jobs are much mare likely than those in low paying jobsto receive
fringe benefits. However, the effects of havirignge benefits remains afteakinginto accounthe
effects of hourlywages on spell lentps.
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counterpas who lacked these characteristics. For instance, sample members who were
teenag mothers at the start of their initial empimgnt spells were empleg forabout38
percent of the five-year period, compaed with 67 pecent of thetime for women who wee
30yearsof ageor older (Table 9). Similarly, thosewho stated in higher-paying jobs wee
employed for 64 percent of the fiveegr period, compared with 45%6 percent of thetime

for those who started in lower-pag jobs. In addition, those who reported hedithitations

atthe stat of thar jobs wee likely to have worked less duringthe follow-up peiod than

were those without health limitations (37 percent of weeks compared with 53 percent of
weeks in the five-gar periody®

TABLE 9

OVERALL EMPLOYMENT AND AFDC EXPERIENCE DURING THE TWO AND HVE YEARS
AFTER THE START OF THE FIRST EMPLOYMENT SPELL, BY SUBGROUP

Average Rercertage of Weels Average Rercertage ofMonths
Empoyed on AFDC
Two-Year Five-Year
Two-Year Pegiod  Five-Year Peiod Peaiod Peiod

Age (in years)

Younger than 20 41.9 38.0 53.4 45.8

20to24 56.2 541 524 41.7

251029 55.4 57.8 45.8 39.2

30 o older 55.3 67.3 42.0 34.2
High School Graduation Satus

Has a hich school diploma 58.5 57.9 48.2 395

Hasa GED 50.9 48.8 45.2 37.3

Has nether a hich school diploma a GED 47.1 44.4 53.8 46.9
AFQT Percertile Sore

10 a less 45.3 39.8 56.0 50.7

11 to25 52.9 51.8 53.9 42.6

26 to50 58.2 59.1 45.0 374

More than 50 59.0 60.8 40.8 33.0
Health Limitation

Yes 41.9 37.3 54.7 46.8

No 545 53.2 49.5 39.2
Starting Hourly Wages (in 1997 ddars)

Less $4.50 46.3 45.3 51.5 46.7

$4.50 t0$5.50 52.0 46.0 56.5 50.6

$5.50 t0$6.50 55.4 55.0 53.1 41.8

$6.50 t0$7.50 57.7 55.1 49.8 41.5

$8.00 @ more 65.9 64.2 36.7 31.7
Health Insurance Available®

Yes 76.9 69.3 26.8 21.1

No 55.8 55.7 56.8 49.4

SouRCE Data fom the1979 t01994 NLSY Surveys.

20nly sanple members with long job spdls were askel abait child cae arangements.

*We aso etimated multivariate modds to examine the reationship béween individud
characteristicand the amount of time empley or receivingAFDC over the longr period; the
results were consistent with these findinghe results are presented in Volume 2.
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The same charactristics that are reéted to working for a larger percerdge of the ime
arealsogenerallyrelatedto lower welfare dependence over the two- and fieatyperiods
(Table9). For instancethosewho wereyounger at the start of initial emplayent or who
had low AFQT scores spent a langfraction of time receivingvelfare than did their
counterparts without these characteristics.

The gererd similarity in findings on fators rdated to enployment spdl lengths and
longer-termenployment andwelfaresuggeststhata conmon setof facors s assoated wih
neggtive employment outcomesConsequentlyan important policybjective maybe to
target people who are at igisk for employnent loss, and to provide services thanmote
sustained emplaogent.

IV. Who Should Be Targeted for Services?

Our analysis shows hat there s diversty in the enployment experiences of wdhre
recipients who find jobs.Some recipients are able to sustain steadployment on their
own with little support, whereas others are more likelye at risk of job loss and sna
benefit from sevices. These findings sugest thda progams ®nsideing job reention
services maywish to “targt” certain individuals at hig risk of havinglabor markée
problems for more intensive and costlier case management sevices. By targeting sevices,
progams maybe able to more efficientlyse available resources.

Targeting strategies can be successful if welfare recipients at higk for havinglabor
market problems can be identified on the basis of thér characteristics & thetime they enter
the labor force. In previous sections, we identified common factors that are related to
negive employmentoutcomes for our sampl&herefore, we believe that tating post-
enmployment services to welfare recipients who find jobs tmayeasiblé’ It is important
to note tha somegovernment agencies dready are profiling clients so thathey can be
targetedfor servces. Forexanple,states are curreht idenifying cases who lfe for benefis
underthe Unemployment Insurance (Ul) program who are likely to exhaust Ul benefits.
These ciimants are érgeted for speal reenployment servcces.

The chalenge for progam operabrs is to sekctcases sucthat resources can be best
utilized. Differences in program goals and resources, local circumstances, and area and
client characteristics al deermine whomprogans might wantto target Because offtese
differences, each state or local area ideadllgould conduct its own assessments of the
feasibility of targetingand should identifyhe keycharacteristics that are most appropriate
for targeting in its local area.Conductingthese assessments and formulatargeting
decisions at the state or local level requires a certain amount of data, both on the
characteristics of welfare recipients and on outcomes, so that a determination can be made
of how dharacteristics rdate to outomes.

*’Eberts (1997) discusses the use of profilibg target services in state welfare-to-wor
progams. Gleason and Dharski (1998) discuss the feasibildf/targetingindividualsfor school
dropout prevention pregms.
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In the first secton of his chapér, we provide a franework for agences hat wantto
formulate targeting mechanisms and disaisss theman stegs they must tke as they begin
targeting. The data required to formulate tatong decisions mayot be available in some
states or local areas herefore, in the second section, we present a prelimiagegting
stratey based on national dat®/ith some appropriate cautiortisetargetingstrateg based
on theNSLY daa can seve as ausdul guide for progams th& may want to attemptto target
clients before conductinipeir own targtinganalyses.

A. Key Steps for Id entifying Targeting Variables ard Making Targeting Decsions

Agencies makingargetingdecisions must take several steps, which we discuss here.

Stepl: Identify Individual Characteristics that Potentially Can Be Usedfor T argeting.
Targeting involves identifyng key individual characteristics that pn@gns can use to
determine who receves cerdin servces. In sekecing characgristics, agnces nust
choose those perceived to lmod predictors of labor market outcomé@sechoicescan
bemade on the basis of past research or on pragn staffs’ eperience in workingvith
clients and percepbns of who succeeds and who does ribtis important to sekct
characteristics that can be ealy idenified atlow cost are ready avalable  progam
staff, and are perceed as fai. Programs might consder such charaetistics as
educationalattainment, presence obyng children, presence of supportive adults,
available transportation and time to commute to job, as well as job characteristics.
contrast, progams midnt want to avoid usinguch characteristics as test scores even if
they predict outcomes wel, because obining themon a sgtermatic bass for al might
be difficult. It is dso importat to minimizethenumbe of daa items tha progam staff
will have to conside.

Step 2: Define Outcomes and Goals that Describe Risk Status. Agences nust make
decisions on what they consider as adverse outcomes,to definethe grouptheyintendto
target for specalized servtes. For instance, our stdy shows consierabk diversty
amongwelfare recipients who find jobsSome recipients are alilemaintain their jobs
more or less continuouslyr with onlyshort breaks in emplayent. Others cyclein and
out of low-paying jobs, whereas otherslose their jobs and had difficultypbtainingother
ones. The risk criteria used bystate and bcal agency staff may be reéted to the
proportion of time welfare recipients are em@dyduringa gven periodthe number of
jobs theyhold duringa gven period, the proporticof time theyreceivewelfareafterjob
start, or other factors considered important foraang of services.

Step 3. SelectAmong Potential Characteristics. Agencies will have to choose from the list
of potential characteristics for targeting, as not dl identified characteristics will begood
predictors of outaomes. Only characteristics thd can distinguish dfectively beween
high-risk cases (iatis, individuak likely to need spealized servtes) anddw-risk cases
(individuals less likelyto need specialed services) should be selected.

31



“Efficiency” isakey criterion for assessinghether a characteristic is aayl predictor

of outcomes. An efficient targeting characteristic is onethat desaibes many high-risk
cases and onla few low-risk onesTherefore, progams that targt on this vaable will
ensure that few resources are spemt hose who are uiMely to need sendges. As an
example,consider people who have health problenignost people who have health
problemsarelikely to havepoorlabor market outcomes, then this would be a efficient
characteristic to target on. However, if manywith health problems do well in the labor
market, targtingon this variable magot be an efficient use of resources.

An efficientcharacteristigs alsoone that enables a pragn to serve a higr proportion

of needy clients than woud be he casefi servces were &bcaed randorty. For
example, suppose that two-thirds of all welfare recigigrho obtain employment were
high-risk cases who likelywould lose their jobs quicklyif progams randomly selected
100clients for sevices, then 67 ¢wo-thirds of the 100) would behigh-risk cases who
may benefit from additional servicesThus, in this case, a characteristic should be
selected onlyif more than two-thirds of thoseargeted for sevices on thebasis of the
characteristic were hidp-risk cases. Otherwise, progams could do just as well by
randomlyseving clients.

It is important to ke=p in mind tha thetargeting straegies we disausshere do not address

the issue of effectiveness of services in promotjolg retention. In selecting
characteristics, progams mg want to ®nside whehe targeting on the speific
characteristic has promise, and whether the kinds of intervention that can be
implemented for the taeged goup has the potential to improve outcomes.

Step 4: Decide Whether to Use a Single Characteristic or Multiple Characteristics.
Programs can target peopk for servtes on lhe bass of a sngle characgristic or a
combination of charadaristics. Under the snge charactristic approach, an amcy
would examine each characteristic in isolation and tleald usethe methodslescribed
in Step 3 to séect efficient characteristics. The multiple-characteristic gpproah
considerssombinationsf characteristicghatindividualspossessnd determines how
these combinations relate to the risk of adverse outcomé$.Progams usinghe sinde-
characteristic approach would tatgfor progam services amne who has the
characeristic. With the multiple-characteristic goproach, progams would onside a
varietyof characteristicandwould selectthoseindividualswho haveoneor moreof the
characteristicgecoquizing that those who face multiple barriers are likelype at higer
risk for facingadverse outcomes.

Single characteristic approach. The main advantagf thisapproach is that the rules
are simple to ddine and easy to implement. After an agency has identified a
characteristic to target, any individual with that characteristiovill be selectedo receive
specia services.A second advantagis that, dependingn the characteristic selected,
the approach maysimplify the decision of what services to provideor example, if

28Appendix A briefly discusses the methods tich agncies can implement the siag
characteristic or multiple characteristic approah.
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Step 5:

Step 6:

people with hedlth limitations ae targeted, then progams mg want to ensuretha this
group has health insurance or access to medical services.

One of he drawbacks ohe shge characgristic approachd thatit is less effective than
the multiple-characteristic gpproach in identifying al high-risk casesor in rarking cages
accordingto their need for service§econd, it is somewhat lessdiiele with respect to
enabing progans to sekctdifferentnunbers of dents for posdile servece recept. For
instance, certain characteristics, sut as hedlth limitations, mg desaibe only a smal
proporton oftheoveal group ofindividuds a high risk. Findly, program stdf may
consider this method unfair because it selectsindlyiduals withcertaincharacteristics
for progam services.

Multiple -characteristic approach. Theman advantage of themultiple-characteristic
appro&h is tha it is beter able to identify and distirguish those at high-risk for adverse
outcomes.If progamsmakedecisionn whom to targt for services on a periodic basis
after collecting information on a goup of clients, this approach also can rank people in
order of their risk of havingoor outcomes andpnsequently, in order of their need for
savices (see Step 6). This rankingfeature allows pragms to better select the number
andtypesof individuak who areto receve progamservces. Finaly, progam staff may
perceive it as a more equitable approach to shagsmurces.

The main drawback of this gproah is thd it is slightly morecomplex than the sinde-
characteristic approach to implemefor each individual, pragm staff will have to
determine the combination of characteristics he or she possesses, and then whether that
individualneeds speal servces.

Select the Numbers ard Types of Clients to Srve. Progams maywant to have the
flexibility to choose the numbers angég of clients to serve, as pram resources or
client needsmay dictate these chases. For exanple, agnces confroning tight resource
constrants midht have to decidein advance wha fraction of dientsthey will seve. With
respect to whom to serve, some @gcies maychoose to serve the neediest set of
individuals, whereas others malecide that this approach is not the best use of their
resources; theynayprefer to spread those resources anwngddle goup of welfare
recipients who mey face fewer barars, butwho nmay be nore likely to beneft from
savices. Asdiscussed previously because the multiple-characteristic approach allows
programto rankindividuak accordng to their risk of having adverse outcomes, it more
readilyallows progams to choose the number anpdy of clients thewant to serve.

Timethe Identification of Clients for T argeting. Progam stdf also haeto ddermine
the timing of targeting decisions. For instance, decisions could ether be made on a
periodic basis, after information on gp of clients has been collectedpara case-by
casebasis, as soon as each client is raadgceive servicesThis choice will depend
onanumber of factors, includingaseload sg staff siz, how quicklyservices can be
provided,assessmentd howquickly clients need services, and how quiaklg decision
rules can be applied.
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Thetiming choice does nat affectthe way the sngle-characteristic agoroachis applied,
but it does dfect theway the multiple-characteristic goproah is gplied. If progams
make decisions periodicallthen clients can be ranked e basisof their likelihood

of being high-risk cases, and progms could use these rankintp select cases for
services. The rankings woul be consticted byusing aggregate “scores”for eachperson
that are based on his or her characteristics (see Appendix States use this procedure
to profile Ul claimants who are likelp exhaust benefits.Progams that makdecisions
on a case-bycase basis would not be able to rank casestead, theyvould provide
services to an individual if the person’s giggate score were higr than some
predeermined cubff value (see AppendiA).

B. Preliminary Targeting Strategy Using National Data

To apply the targ@ting approach most effectivelgach state or local egcy should
attemptto identify targeting characteristics approprideto ther local areas, and progam stdf
must use local daa to degermine the most @propride sd of decision rules for ther own
location. Local area circumstances differ to varying degrees, as do the characteristics of
individuak who live in each areaConsequeny, agences can creatthe best decision rules
by using data speciic to their own areas andalenify the nost efficient characeristics for
targeting purposes.

In this section, we use data from theSWM_sampleo identify targetingcharacteristics
for progams that are consideripgovidingjob retentiorservices to welfare recipients who
find jobs.?® The purpose of this analysisis two fold. Frst, for agencies that want to conduct
their own targeting analysis, this discussion illustrates how to use the proposedtiagg
framework. Second,for agencies which currently lack e dag or tools requred b conduct
targeting analyses, but whid may beinterested in targeting, theNLSY provides prdiminary
decision rules.

It isimportant to recognize that our decision rules are based on national data and on our
ddfinition of high-risk cases. Casdoad characteristics in ay given locality might differ from
the characteristics of the individuals in our sampl®loreover, the relationship betwee
individua characteristics and employment outomes ma differ across loalities. Progam
staff who choose to use the rules proposed in this report should consider thesesfaading
broadguidelines,andshouldadaptthem to their local circumstances to the extent possible.

Using the NLSY dat, we examined eght potenia charaacgristics that prog-ans could
use to select individuds for targeting for job reention sevices: (1) was ateenage mothe
at the time of initial employment, (2) wa employed less tha hdf the time in the year
precedng initial employment, (3) has no higschool diploma or GED, (4) has a preschool
child, (5) received less than $8.00 per hour (in 1997 dollars) as stadinm job,

*In this section we focus on targeting welfare recipientswho havefoundjobsfor job retention
services. The generaltargeting approach, however, can be usedaggnces hat may want to
consider targting clients for other tges of services.
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(6) receives no fring benefits on the job, (7) does not have a valid driver’s license, and
(8) has helth limitations.

In definingoutcomes, we focus on sustained empilegt duringhe five year period afte
job start. We defined a hig-risk case as one who workkss than 70 percent of the weeks
duringthat period® We now summarie the finding from our analsis.

e It ispossibleto identify sngle characteristics by usingthe univariate procedure
to identify and target services to hgh-ri sk cases.

Table 10 showshe efficiencymeasures ofhie eght potental targeting variables. The
first columnpresentshesample means (that is, the perceatafgndividuals who have ehc
characteristic), and the second shows the proportion intbap gvho need services (that is,
who had poor emplognent outcomes)We find that more than three-quarters of those in
threeof theeight groups (ag less than 20ears, hih school dropout, and health limitations)
arehigh-risk cases.For instanceprogamsthat targted peoplegqunger than 20 gars of ag
at the time of initial emplayent would serve about 17 percent of all welfaprerts who
found employment. However, more than 80 percent of those served would be high-risk
caes Similarly, by targeting thosewith hedth limitations, progams would seve only 6
percent of all cases--but about 88 percent who resemweces would be high-risk cases. If
programs wanted to serve higchool dropouts, theyould serve about 34 percent of all
cases.About three-quarters would need servites.

Targetingon mostof the othervariablesindividually producecdeitherno better or only
slightly better results than would have been obtained if thegmegywere to serve a random
setof individualswhofind jobs. Thisfinding is drivenin part bythe fact that a hlgfraction
of the sample members have these characteristics. For instance, more than 90 percent have
apreschool child However, accordingp our definition of high risk, onlytwo-thirds of the
full sample are likely to need servicesTherefore, bytargeting this goup, progams will
save many morecases than need savices, which will lead to indficient useof resoures.

%Nearly two-thirds of theNLSY sanple membeas wa dassified as beng at high risk for
adverse labor market outcomesThe 70 percent cutoff is based on the results of “cluster ssialy
that split the sample into those who had low earnings andintermittentjobs (the high-risk caseghat
were enployed less tha 70 pecent of thetime) and thosewith higher earnings and morestéble
employment (the low-risk cases).

3 Thethird column shows the percengsaf all high-risk cases who would be servedtaggeting
on each characteristidzor example, bytargetingon those peopleoyinger than 20 garsof age at
time of initial employnent, progams would serve about 22 percent of alhhigk cases.
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TABLE 10

SELECTING INDIVIDUAL CHARACTERISTICS FOR TARGETING PURPOSES,
USING THE UNIVARIATE PROCEDURE

Percertage d Percentage with Percertage d All
Sample with Characerigtic that High Risk Cases
Characeristic Needs Services Receving Services
(1) ) ©)

Age younger than 20 years 17.4 80.6 21.7

Employed less tha hdf thetimein year prior to job

start 79.2 66.6 83.0

No high school diplona/GED 34.2 74.8 39.3

Presence of preschool dild 92.4 64.4 93.6

Wage less than $8.00 (n 1997 dollas) 79.2 65.6 83.2

No fringe bendfits 81.1 70.0 87.8

No valid driver's license 29.0 71.8 32.6

Has heilth limitations 6.1 88.1 8.3

SOURCE Datafromthe1979 to 1994 NSY Suweys.
NoTeE: Chaacteristics ae defined & thestat of theinitial employment spéis.

2Refers to tho® in thegroup who ae a high risk for adverse employment outmmes.

 Programs can do better by using a conbination of characteristics by
applying the nultivariate procedure for targeting.

By usingthe same set of digcharacteristics, the multivariate procedure proddaely
accuate decision rules and was ale to distinguish between high- and low-risk cases
reasonably accurately Table 11 displayfindings on how well the multivariate method
performedfor differentfractionsof overallcaseloadshatprogamsmight want to servé
Fromcolumnsl and2, we seethat if progams serve 10 percent of their caseloads, then more
thanover 90 pecent of thoseseved will need sevices (asssumingtha progams seve the
cases a highest risk for negative employment outcomes). Similarly, if theychooseto serve
50 percent of thér caseloads, th& morethan 80 pecent of thosesaved will be high-risk
casesvho maybenefit from servicesThe figures in column 2 suggst that as pragms

%Thepurposeof Table 11 is to indiete how wel the multivariate approach performs(compaed
with the sinde characteristic gopproach desaibed in Téble 10). Implementing the multivariate
approach is discussed in the nhbullet point.
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TABLE 11

EFFICIENCY OF HE MULTIPLE CHARACTERISTICS APPROACH FOR TARGETING PURPOSES
(Usingthe Multivariate Procedure

Fracion of Cases &vedRarked Accarding Percertage hat Need Percentage of All High-Risk

to Highest Level of Risk (Percent) Services Cases
(1) (2 (3
10 91.1 12.6
20 90.2 27.3
30 87.8 39.2
40 84.6 50.0
50 82.1 60.8
60 79.9 72.7
70 77.9 80.8
80 74.4 88.2
90 71.5 95.1

SOURCE Datafromthe1979 to 1994 NSY Suweys.

*Refers to tho® in thegroup ®rved who ae a high risk for adverse employment outomes.

become moresdective with respect to thenumbes to seve, it is bdter able to identify the
highestrisk cases?

Compaed with thesinde-characteristic decision rule themultivariate-decision rulewill
serve a pater proportion of higrisk cases for the sanatal numberof peopleserved. For
exanple, programs that want to serve about 20 percent of their cases could choose to serve
for example, teenagmothers (see Table 10), or cousttthe multivariatemethodto choose
the 20 percent with the higest probabilityof poor outcomes.By targeting the sinde
characteristic, 80 percent of those served will be Hrgsk cases; accordingo the
multivariate methods, more than 90 percent will béigk cases (Tables 10 and 11).

%The multiv ariate decision rule adso gives progams the fleibility to decide whom to serve or
the types of services to providé&or instance, pragms maybelievethat the top five percent of the
highestrisk cases @ay be he hardesto serve and need eggnely intensive services. Programs can
idenify these ndividuak, place hemin the appropste service group, and then work with the nex
20 or 30 percent of the cases that rbagefit from certain fges of job retention services.
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* Implementing decision rulesis straightforward. However, programs must take
into account their own goals and area characteristics tfven applying theser ules.

If programs choose to use the univariate decision rules, then implementation is
straightforward. Program staff would idenify cases wih a paritcular charadristic and
would provide services onlp those cases.

The multivariate decision rulecould beimplemented by program staff in two stages In
thefirststage, progamstaff would calculate an agregate score for eacmdividualbased on
the characteristicstheindividud posesses. The weghts atachedto eachcharaceristic are
displayed in Table12, and would be used to construct theggesgte score&: For example,
a high school diopout who ha awage of $6.00 pe hourand no finge benefts, andnoneof
the othercharaceristics listed in Table 12 woull receve an agregate score of 10 (3 +2 +
5). Individuak with higher agyrecate scores are ane likely to be hgh-risk caseshian are
those with lower scores.

In the second stag progams would use the ggggate scoreto identify cases requiring
specia services. If progam staff decide to make tating decisions periodicallyafte
collecting information on a goup of clients, then thewould rank all these clients on the
basis of their aggregate scores and would select those with thedsfscoresHowever, if
program staff decide to make targeting decisions sequentiallyon a case-bgase basis, then

TABLE 12

CHECKLIST FOR MULTIVARIATE TARGETING

Check Assciated

Barriers Weight Chamcteistic Points
Age younger than 20 4

Employed less than hdl thetime in year prior to job gart 4 (I

No high school diploma/GED L4 (I

Presence of preschool child 4 (I

Wage less than $8.00i0 1997 ddars) 4 (I

No fringe bendfits S (I

No valid driver'slicense 4 (I

Has Health Limitations L4 (I

Total Score

SOURCE Data fom the1979 t01994 NLSY Surveys.
NOTE: Discussim of thecakulation of theweights is catainel in Appendix A.

**Theweightsare calculated from asimpleregression modeand relect therdative magnitudes
of the coefficient estimates from themodé. The estimation of the modé is desaibed in
AppendixA.
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they would have ® measure anndividuals agyregate score aginst a cubff value, and
provide servtes f the agyregate score were gher than tat cuiff value. The cutoff values

are displagd in Table 13 and depend on the fraction of tlseload that the programs want

to serve.In particular, the fewer cases a piam wants to seey the higher the cutoff value

it will haveto use Thus, if theprogam hal thegoal of seving atleas 70 percert of caes

then aclient with an aggregate swre of 10 would receve servces(becauséhe cutoff value
would be 10). If thegoal was to serve onl$0 percent of cases, then this person would not
receve servces (becausée cubff value woul be 12).

Aswe have mentioned, the decision rules described here were creatadfosingtion
on a nationally representative sample abyths who received welfare and found a job at
somepoint between 1979 and 1990he caseload characteristics in dogality might differ
from thecharacteristics of theindividuds in our sanple Moreover, therdationship béween
the characteristics and being ahigh-risk case may differ acrosslocadlities. Progam stdf are
encouraged to work with researchers to@nerate their own set of weits and cutoff values
usng local data. However, program staff who decide to use our results as guidelinesshould
adjustthembasedn goodsensgudgeaments of local area characteristics (in the absence of
data for analysis). For instance, in urban aeas with mass transit, progams mg want to
ignorewhetheror nota wefare regpienthas a dxer’s licence m calkulating weights, as lis
characteristic is unlikelyo form a barrier to workFurthermore program staff may want to
adjust their cutoff values downward because taey droppinghis characteristic from
consideration.

TABLE 13

CUTOFF SCORES FOR MULIVARIATE TARGETING

Fracion Served (Percert) Cutoff Levels
70 10
50 12
30 14
20 15
10 17

SOURCE Datafromthe1979 to 1994 NSY Suweys.
NoTe:  Discussion ofthe calculation of the cutoffs is contaned in Appendix A.
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APPENDIX A

STATISTICAL METHODS FOR THE MULTIVARIATE
TARGETING ANALYSIS



The multivariate targeting procedure provides deision rules to taget cases for
postemployment services on the basis of a combination of their individual and job
characteristics. This appendixprovides details on the statistical aspects of how this
procedure can be implemented by program staff who chooseo createmultivariatedecision
rules using their own casedad dad. This sane procedure was used treae the decsion
rules usinghe NLSY data that we describe in this report.

To construd¢ decision rules usingthemultivariate proedure progams must first idetify
individud and job daracteristics thd potentially can be useal for targeting. In addition,
programs must decide who thergup is that thegonsider at risk of adverse emphognt
outcomes. Finaly, theymust collect data on a representative sample of their caseload--the
testsanple-sotha decision rules construged usingthis sanple will apply to cases they will
serve in the future The daa must indudeinformation on thetargeting variables and on
employment outcomes so that progams can define which cases in the sample aterisg
cases (usingheir own definitions of a higrisk case).

Thetools necessaly to constuct decsion rukes are (1) wajhts neededaassgn to each
targeting variable, and (2) cutoff values to determine which cases should le¢ethifgr
services. Theseools areobtainedfrom aregesson nodel where he targeting variables are
usedo predct whether a casanithe st sanple was a hih-risk case Programstaff can hen
usethesetoolsto determine whether cases pragps serve in the future should be &egl
for spesialized postenployment sevices.

The tools neessay to wnstru¢ decision rules usingthe multivariate gpproach can be
obtained in three steps:

1. Estimae a logit regresson model. Usingdata on the test sample, prags should
regress theprobaility tha a case was ahigh-risk case on thesdected targeting variables
(sud as individud and job taracteristics)! Thepaameter estimates from this modee
represent the effects of each tagging variable on the likelihood that a case should be
targeted for services. Many statistical software packages (for example SAS, SPSS, ral
S+) can beusal to estimate the modéd. Targeting variables thd have little ability to
predict who is a hidr-risk case (that is, that are statisticalgignificant) should be

For example, the followindogit model could be estimated usimgx{mum likelihoodmethods:

eX'P
(i) Pr(Casewas High Risk) =

1+eXP

whereX is a vector of characteristics for an individual, firid a vector of parameters to be
estimated. Alternatively, aprobit regression modecould beestimated.
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removed from the model, and the model should bere-estimaed. Theoverall predictive
power of the final model should be assessed usliegcriteria presented in this repbrt.

2. Construa wdghts to assign toa&h targding variable. The weghts are he paranster
estimdes from thelogit modd. Program stdf may wart to scale eachof the weights by
a fixed factor (for eample, 10 or 100) and then round them to make thehigiger-
friendly.?

3. Construct cutoff values for different assuptions about the proportion of the caseload
that prograns may want to serve.To construe the cutoff values, progamsfirst nesd
to construct an “agregate score” for each case the test sanple. The agregate score
for a partcular cases a weghted averag of neasures ofhie case’s charagtistics,
where the weilts are those constructed in step 2.

The cutoff values can then be constructed usirthese agregate scoresSuppose that a
program aims to serve 10 percerif the casedad. Then, he cubff value for hat
progamis selectedsothat10 percenbf thosein the test sample have argegpate score
greaer than te cubff value, and 90 percetiave an agregate scordess than the cutoff
value. Similarly, the cutoff value for aprogam tha ams to seve 40 pecent of the
caseload is that value such that 40 percent of those in the test sample have greggte
score geakr than hat value.

Oncetheseweightsandcutoff valueshave been obtained usitige test sample, progms
canusethesetoolsto target casesn the future for spea@lized postmploymentservices. The
process of assiging cases, however, will differ depending how sites choose to time the
selection process.Progams maychoose to tamg after collectingnformation on a larg
numberof cases.In these instances, gggate scores should be constructed for each case by
taking a weghted averag of the case’s charagtistics near lie job sartdake and uang the
weights constructed in step 3 above&ases should then be ranked on the basis of their

Specificaly, this assessment can be peformed in four man steps: (1) predicted probailities
shouldbe constructed for each ndividual using equaiton (i) in the prevous foohote based orhe
edimated parameters; (2) individuals should be sorted on the basis of their predicted probabilities;
(3) a prespecified percentagf individuals with the largst predicted probabilities should be
“selected” for services; and (4) the proportion of those selected for services who are adtigaly
risk cases should be calculatedThe model has sufficient predictive power if the proportion
calculatedn step4 is larger than the proportion that would occur if all cases were randassiged
to services.Theassessmeshouldbeperformed for various prespecified perceetagsed in step 3.

*This procedure was used treae the checkist of weights in Table 120f the report, where the
logit modd was estimated usingdaa on theNLSY sample

43



aggrecate scores, and pragms should select cases with kErgcores. Alternatively,
progamsmaychooseto assign a casen isolation as soon as thbgve information on the
cae. Intheseinstances, a case should be tatgd for services if the case’sgagate score
isabove the selected cutoff value (created in step 4 abokie)relevantutoff value to use
will depend on the proportion of the caseload the yamogdesires to taed.
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